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Finding Dominant Strategies in Blotto Games utilizing Learning
Automata
F. Abtahi M. R. Meybodi S. Shiry

Department of Computer Engineering and Information Technology
Amirkabir University of Technology
Tehran, Iran

Abstract: In this paper, a new approach based on Learning Automata is proposed for finding dominant strategies in Blotto
Games. These games which are of a special importance in the Game Theory, are remarkable from two viewpoints; First,
these games are used to model a class of real-world competitive problems in which optimal allocation of limited resources is
needed to overcome the opponents. Second, the approach used for finding dominant strategies in Blotto Games is applicable
in any Multi-Agent System that has dominant strategies for any if the agents. Knowing the dominant strategy, it could be
guaranteed that the payoff achieved by the agent is greater or at least equal to all the opponents. In the suggested algorithm,
each player of the Blotto Game has a Learning Automaton and receives help from it to select actions. Experiments show that
by using this approach, the strategy of those players that are equipped with learning automata gradually converges to the
dominant strategy. These players can eventually find the optimal resource allocation and are then able to dominate the
opponents regardless of how they play.

Keywords: Blotto Games, Learning Automata, dominant strategy.
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