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Web Structure Mining using Learning Automata and
Probabilistic Grammar

Zohreh Anari; Mohammad Reza Meybodi; Babak Anari

ABSTRACT

One of the data mining techniques on the web is web usage mining. The purpose of this mining, extracting
useful information from the user interaction data that can be obtained when using the web. By extracting this
information, we can determine the relationship between the web pages and then we can do operations such as
clustering and ranking web pages. The purpose of this article is to determine the relationship between web pages,
using probabilistic grammar and learning automata. In the proposed algorithm first probabilistic grammar
generated and association rules are extracted from the user navigation paths stored in log files. Extracted
association rules evaluated by learning automata and the relationship between web pages by learning automata is
determined. The simulation results compared with Antweb, Bollen and E-DLA shows that the proposed method
has a considerable efficiency.

KEYWORDS
Web usage mining, Learning Automata, Probabilistic Grammar
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Algorithm 1.1(Modified_DFS (G, C))
1. begin
2.foreach{e € E:C, = C}

3. Explore (e, C,)
4.end for

5. end.

Algorithm 1.2(Explore (trail, Cy-qi1))

1. begin
CR = CR U trail

3. for each (forw — neigh(trail))
4.if (Cpy X Cpray = C) then
5. Explore(trail + £, , Cirair)

6. end for
7. end
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