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Abstract: One of the challenging tasks in improving web personalization algorithms is the simultaneous
use of user’s log data and underlying site’s link information. In this paper after introducing a novel method
for weighting web pages; an algorithm that simultaneously uses both web usage logs and underlying site’s
link information is proposed. The duration time of visited page and frequency of visiting is employed to
measure the weight of each page which correctly determines the user’s interest and importance of each
page. Also the in-degree of each page is used to benefit the pages with low in-degree with high frequency
and duration time. The proposed algorithm solves two main problems in web personalization. The first
problem is the recommendation of recently generated pages which are not visited yet and the second
problem is that the quality of system significantly decreases with increasing the number of recommended
pages. In the proposed algorithms, the first recommending page is generated by using a novel weighted
association rule mining algorithm. Then this page is expanded using HITS algorithm with pages which



belong to the same cluster as the recommended pages belong. For clustering the web pages, an algorithm
based on Learning Automata and graph partitioning is presented. This method gives chance to pages
which are not visited in any session in the log. Simulation results on real data set reveals that the proposed
algorithm improves the quality of recommended pages significantly and solves the above mentioned
problems.
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