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A Modified PSO with Great Deluge Algorithm for

Optimization
Sajjad Ghatei; Mohammad Reza Meybodi; Rahim Pasha Khajei; Zahra Ghatei

ABSTRACT

In this paper is presented a modified PSO by using Great Deluge algorithm called MPSO for
optimization. In proposed algorithm is defined the range for achieved answers that this range is the
same parameters used in great deluge algorithm called “water level”. Amount of this range reduce or
increase regarding to used the property issues in terms of minimum or maximum during the time.
Difference of proposed algorithm with previous PSO is that by using great deluge algorithm is given
again chance to particles; so if trapped in the local optimum get rid of there. New algorithm is tested
on the some standard function and the performance of that has been compared with standard PSO.
Test results indicate that proposed method significantly improved the ability of PSO for the escape
from the local optimal raise and increases the accuracy and the convergence rate.
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For each particle i
Randomly initialize v , xi = p;
Evaluate f(pi)
P = arg max{f(p)}
End for
Choose WL and Up
Repeat
each particle i
Update particle position x; According to equation below
Vi= X[VH’C\G\ .(pg'Xi)+CreY-(pi‘Xi)]:
Xi = Xit+Vj
evaluate f(x;)
if (f(x) > f(pg))
Pi = Xi
End if
if ((f(x) > f(pi)) && (f(x;) > WL))
Pg = arg max{f(pi)}
End if
WL =WL + Up
Until termination criterion reached
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