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Procedure GA- SSPCL
Input: Graph G=(V,E),
begin
Create a network of QLA corresponding to the graph of the problem
Let t'ye be th¢ dynamic threshold for node i in state state which can be congested or uncongested
Let ActiveLA'; be the active learning automata in node i responsible for congestion.
Let ActiveLA, be the active learning automata in node i responsible for optimal edge.
repeat
For every node i except for the destination node do in parallel
If node i is congested then
ActiveLAl, =A'_, .
ActiveLA', =Aie,Cg ;
end if
If node i is not congested then
ActiveLAl, =A, .,
ActiveLA', =Al, .,
end if ‘
state < ActiveLA'. selects an action based on its probability vector.
edge «— ActiveLA, selects an action based on its probability vector.
if (the state of selected edge = congestion ) then
Reward the action selected by the ActiveL A, according to the Lgp learning Algorithm;
else
penalize the action selected by the ActiveLA', according to the Lgp learning Algorithm;
end if
if (state = congested)
Compute d using equation 5
end if
if (state = uncongested)
Compute d using equation 6
end if
if d <ty then;
Reward the action selected by ActiveLA'. according to the Lg; learning Algorithm;
end if

/llupdate dynamic threshold
if (state = congested)
Compute tyate using equation 7
end if
if (state = uncongested)
Compute tyate using equation 8
end if
end for
until algorithm converges
end GA- SSPCL
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