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Improving Particle Swarm Optimization using Open Cellular
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Abstract: In this paper an improvement of particle swarm optimizers (PSOs) based on open cellular
learning Automata (OCLA) called OCLAPSO is proposed. In OCLAPSO each search space dimension
contains an OCLA, and each cell of OCLA contains one particle of that dimension. The learning
automaton in each cell of OCLA is responsible for creating diversity of particles and also creating balance
between the process of global and local search. Experiments are conducted on unimodal and multimodal
test functions. The results of experimentations demonstrate the superiority of OCLPSO in solving
multimodal problems when compared to PSO with inertia weight(PSOw), PSO with constrict
factor(PSOcf) and CLA-PSO.
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