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Input: Graph G=(V, E},
Assumptions
Let & denotes the number of computed spanning rees,
L: list of selected nodes with size of n,
P: Sampling rate
Output: Sample graph G.=(F.. E.}
Begin
Let 1, denotes the spanning tree at iteration r;
te—1;
While (t < )
Select v, randomly as initial vertex of spanning tree;
Find the spanning tree 1, from v;
tett+i
End While
L; «Compute number of visiting edge
L« Sort L; in descending order
G. « Select top P percent from L
End algorithm
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