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8 - Image Registration

9 - Robot Navigation

10 - Keypoint

11 - Corner

12 - Bubbles

13 - T- Junction

14 - Distinctive

15 - Euclidean and Mahalanobis
16 - Difference of Gaussian

- Scale Invariant Feature Transform
- Rotation

- Scale

- Affine

- Subtractive clustering

- Camera Calibration

- 3D Reconstruction
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20 - Michel

21-Yu

22 - affine-SIFT

23 - Affine transform
24 -Pattern recognition
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17 - Over fitting
18 - Off line
19 - Principal Component Analysis SIFT
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30 - David Lowe
31 - Nearest neighbor
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25 - changing in viewing direction
26 - Pyramid

27 - Convolution

28 - Blurring

29 - Octave
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