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Abstract

Nowadays, regarding huge data volumes and increasing rate of data generation, the need for data
analysis methods like data mining is increased. Furthermore, with the real time requirement and size
of data that should be processed, these methods must be able to act very fast. One of the well-known
techniques to increase speed is parallelism. With respect to increasing use of cellular automata in
various domains and its high power in parallelism, it seems that using cellular automata for data
mining is an appealing approach. This paper presents a clustering method named CAC, which is based
on the cellular automata and ant-colony concepts. In this method, each data point from the dataset
that should be clustered is assigned to an ant. The ants move in grid space simultaneously and find
other ants with similar data to form a community. Clustering operation is done by constitution of these
communities. Experiments conducted on standard datasets using this method show the capability and
applicability of our approach for data clustering.
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