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% p(n) =

For Each LA Ajin the set of Learning Automatadoin Parallel
precision)

r, = celling(

End For
Randominit(A®)
Aeba =NAO
tooltip = f(Ouex+AB) //Forward Kinematics Function.
curDist = Distance(tooltip, destination)
minDist = curDist
n=1
While (n <= Maxlteration And curDist > 7,)
For Each LA A in OSCLA doin Parallel
Choose Action A8(n) according to pi(n)
End For
tooltip = f(Opex+AO)
curDist = Distance(tooltip, destination)
If curDist < minDist Then

ABpes = NO
End If
) curDistance
n)=min(l, ——
A ( kXtotaILength)

For Each LA A in the set of Learning Automatado in Parallel
Pig (M) = Pig (M +al= B(N))(L= pig () (M)

For Each j # 6,(n) in a, doin Parallel

p; () = p; (n) —a@- B(n)p; (n)
End For
End For
End While
Output Bpes+ABye asthe final Result
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For Each LA A in the set of Learning Automatado in Parallel

- U, -L
r, = ceiling(————)
precision
End For
Randomlnit(®)
@be; =0

tooltip = f(®) //Forward Kinematics Function.
curDist = Distance(tooltip, destination)
minDist = curDist
n=1
While (n <= Maxlteration And curDist > 71)
For Each LA A in the set of Learning Automatado in Parallel
Choose Action 4(n) according to pi(n)
End For
tooltip = f(©)
curDist = Distance(tooltip, destination)
If curDist < minDist Then
@beg =0

End If
B() = curDist
total RobotLength + Distan ce(destination,[000]")

For Each LA A in the set of Learning Automatadoin Parallel

Pig o (M) = Pigny (N) +ad = B(N)L= Pigny (M)

For Eachjin ) doin Parallel

P;j (n) = P (n) —a@@-B(n) Pij (n)
End For

End For
End While
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,;=660,4mm
a;=4318mm
dz=149,1lmm
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