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Delta=(upper + lower) or (Gbest + dim)
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Algorithm: Dyn-GSO-OBL
Begin
FOR swarmii
FOR Particle j
Generate OBL the initial members;
Evaluate the fitness values of initial members;
END FOR
Calculate Gbest
END FOR
Initialize Test_point
WHILE (the termination conditions are not met)
FOR swarmii
FOR particle j
Choose producer: Find the producer Gj.Xp of the
group;
Perform producing: perform producer behaviour;
Perform scrounging: Randomly select a percentage
from the rest members to perform scrounging; All
scroungers will follow its group best member Gj.Xp;
Perform dispersion: The rest members (rangers) will
perform ranging;
Fitness evaluation: Calculate the fitness function of
each member from this group by combining its variables
with the best solutions found so far by the remaining
groups;
END FOR
END FOR
Execute exclusion and anti convergence[6]
Evaluate Test_point
if new value is different from the previous one
Re-evaluate each particle attractor
End
foreach swarm i




Update Oi,j based on equation 4.1
if f(Oi j) > f(Gbesti)

Ghesti = Oi,j
end
endfor
END WHILE
end
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