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A new Approach for Optimization in Dynamic Environments based
on Frog Leaping Algorithm
Somayeh Ranjkesh; Mohammd Reza Meybodi; Behrouz Masomi

ABSTRACT

In many real-world optimization problems, the objective function, or constraints can be changed over time and thus
Optimum these issues can also be changed. If any of these adverse events considered in the optimization process are
given, the problem is called dynamic. Many real-world problems dynamically, statically indeterminate and are complex
and solving them, the real world does not help solve the problem. In addition to these issues, it had to find the global
optimum can be followed over time.

In this paper, a new approach for optimization in dynamic environments based on frog leaping algorithm is proposed.
The results of the proposed approach on moving peaks benchmark the currently known criteria for evaluation in a
dynamic environment is evaluated And the results were compared to validate multiple algorithms. Obtained results
show high efficiency of the proposed algorithm is compared with other algorithms.

KEYWORDS
Optimization, Dynamic Environment,Frog Leaping Algorithm, Moving Peak Benchmark.
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amSFLA
lnitializing first swarm
Foreach Frog j in first_swarm
initialize X, ; randomly
endfor
initialize Test_Point randomly
repeat
foreach swarm i
Execute an iteration of SFLA procedure for swarm i
Endfor
//Sleep
foreach awake swarm i
if distance between all Forgs <, then
swarm i goes to sleep mode
end if
endfor
wake up best swarm
//Exclusion
foreach swarm i
if distance(Gbest; and Gbest e swarm) <fexcithen
if f(Ghest;) < f(Gbestnew _swarm) then
reinitialize Swarm i
else
reinitialize new_swarm
end if
endfor
//Convergence & activation
if All swarm are converged then
Create new_swarm and initialize it
end if
/[Test for Change
Evaluate Test_Point
if new value is different from last iteration then
foreach swarm i
if swarm,; is converged
keep best_Frog; and randomize others around it based on
Shift_length
end if
endfor
end if
Until stopping criterion is met
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