.LAEDA

meybodi@ce.aut.ac.ir rrasteqar@-ce.aut.ac.ir

LAEDA

! Evolutionary Algorithms
2 Genetic Algorithms

¥ Learning Automata

* Hill Climbing



> Recombination
¢ Univariate Marginal Distribution Algorithm

[]

DISe



n X =Xy X,) X,
X
S
X, X; Pa’
p(X =X)
n S
p(X =x) = p(x,.X,) = [ [, o(% Pa})
: 0, €O,
n S
p(X165) :Hi=lp(xi |Pa’,6,)
M =(S,6;) X
by
x1 xz x!_ H" ava l
1 4 E 2 2 1326
2 B 3 1 B 3246
n i B 4 =z 344%
. Se
0
N, M Mg .
1 4 1 B
2 2 3 1
B 1 6 4
Se
D,
Ay Ay X3 Xy arval
1 3 2 e & 278 >
2 2 B 1 4 2245 |Q
L] 4 2 1 z T i
X

P(X =x) :Hin:lp()(i =X)

7 Joint Generalized Probability Density Function
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