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A Learning Automata based Technique for Training Conditional
Probability Tables of Bayesian Networks

N. Rezvani M. R. Meybodi

Soft Computing Laboratory
Computer Engineering and Information Technology Department
Amirkabir University of Technology

Tehran Iran
nabi.rezvani@gmail.com,mmeybodi@aut.ac.ir

Abstract: Bayesian networks have been extensively used as classifiers in different machine learning
applications. A major challenge in Bayesian classifiers is the training of optimal Bayesian networks
based on existing training samples. Training Bayesian networks consists of training probability values in
conditional probability tables, and also training the network graph. In this paper an iterative learning
automata-based method for training of conditional probability tables is proposed. The results of
experimentations indicate that the proposed algorithm reaches the same classification accuracy of
classical algorithms like maximum likelihood estimation, with much less number of training samples.

Keywords: Bayesian Networks, Training, Learning Automata
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? Naive bayes classifier
? Expectation maximization
* Bayesian belief network
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