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input : g(v) = function to be optimized
output: P = set of solutions for function
begin

1. Create an ini al popula on P of individuals in shape-space
2. For each v  P, evaluate g(v) and create clone population C
3.  Select  a  random member  of  v’  C and apply the contiguous
region hypermutation operator
4. Evaluate g(v’); if g(v’) > g(v) then replace v by clone v’
5. Repeat steps 2-4 un l stopping criterion is met

end

    
.

:
input : G = pattern to be recognized, N a set of random detectors, n
number of best antibodies
output: M = set of generated detectors capable of recognizing input
pattern
begin

1. Create an ini al random popula on B
2. For each pa ern to learn
2.1 Determine inverse distance for pa ern in B to each member
of N
2.2 Select n members of B with the best match to each pa ern
2.3 Clone and mutate each n in proportion to how good the
match to the pattern is
2.4 Retain the highest matching of n and place in a set M
2.5 Perform network dynamics in M to remove weak members of
M
2.6 Generate b random elements and place in B
3 repeat

end
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