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Procedure TSP
Begin
[nitialize the probability vector of each automaton
Repeat //Phase !
[nitialCity := Generate a random number between © and n
CurrentCity := InitialCity //(choosing the intial city of tour randomly)
Disable action ‘CurrentCity’ of all Unactivated LAs  //Phase ¥
fori:=\)ton
if i <n then
//choose the next node based on active LA modified action probability vector, P’
NextCity = GetNextCity(Activated Automaton)

hamiltonian cycle
Disable action ‘NextCity’ of all Unactivated LAs
if 1 =n-) then
Enable action ‘InitialCity’ of LA NextCity
end if
else
NextCity := InitialCity
//if there is no edge between the current city and intial city, current path isn’t hamilton cycle
end if
CurrentCity := NextCity
next i //Phase T

Compute the tour length
if CurrentTourLength < BestTourLength then

//Reward the selected actions of all LAs along the tour according to the L,_,
for j := ) to n //<i> is the selected action of automata <j>

p,(t+1)=p,(t)+a[l- p, (1)
p.t+)=(1-a)p,(t) k=i k=12,.,r
Next j
End if //Phase ¢
Enable all the disabled actions of LAs

Until (stop condition)
End Procedure

//if there is no edge between the current city and each of the unselected cities, the current path can’t be a

DLA jl o3tz U TSP Jom oz, SN ¥ S
Function GetNextCity(j: Integer)
//modify the action probability vector of <> (P 4 ) as:

T gl (it = LAY gga

S o x WG,

i=l

Choose an action based on modified action probability vector, i

Restore Previous value of J
End function

s UL 51 e (sl 51 S Sl (51, GetNextCity wb £ S

'* Learning Rate
"* Path Probability
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