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2- Emor backpropagation algorithm
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Algorithm Survival
input:
Training Set (X, T)
Maximum Mo. of Hidden Units: Hae
outpul:
Metwork Weight Vector: W
Metwork Topology: Set of ON

repeat
form =1 To K do
call BP  /f After K steps hidden units are examined
end for

i Decrease the activation of off units
forall | € OFF do
fork =1ToFdo
U = exp (- kel Ugl)
end for
end for
for 1 =1 To Heus do
Compute oy
end for
Compute Mow, Morr, Xorr, Xow
/! Move the hidden units among the automatas” states
for 1 =1 10 Huay d0
ifl e ON then
if oy <{Mos - Xow) then
call PenalizeCnUnit (1)
end if
if o= (Mox + Xou) then
call RewardOnUnit (1)
end If
end If
if | € OFF then
il &< (Mosr - Xorr) then
call PenalizeQFFUnit ()
end if
if o> (More + Xosr) then
eall RewardOFFUnit (T)
end if
end il
end for
wntil Termination Condition is Satisfied,
return (W, ON}
end Algorithm

procedure PenalizeCnUnit (1)
if State ([} < N then
ime (State (1))
else
State (N =2*N
end if
end procedure

procedure RewardOnUnis (i}
if Seate (1) = 1 thes
dec (State (1))
end i
" end procedure

procedure PenalizeOffUnit (1)
if State ([} <2 * N then
ime (State (1))
end if
end procedure
procedure RewardOffUnit (1)

dec (State (1))
end procedure
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